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Abstract

The paper aimed to test the asymmetric relationship using NARDL methodology for
the relationship between oil price and stock prices in Egypt, Saudi Arabia, Jordan and
Kuwait. Monthly data were used from 1998 to 2017. The study found that there is an
insufficient evidence of a relationship between oil prices and stock prices. These markets,
except the Cairo Stock Exchange, show that positive changes in the price of oil lead to
positive changes in market prices and vice versa.

Keywords: Arab financial markets, asymmetric relationship, oil prices.
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PP ouslid i aladiudy 3aa gl) jda LI il
UNIT ROOT TEST RESULTS TABLE (PP)
Null Hypothesis: the variable has a unit root

At Level
LAMNF LEGPTF LKSAF LKWTF LOILF LOILF_NEG LOILF_POS

With t-Statistic -1.7230 -0.7297 -2.1110 -1.0973 -2.0127 -1.7230 -0.7297

Constan Prob. 0.4189 0.8367 0.2405 0.7183 0.2814 0.4189 0.8367
n0 n0 n0 n0 n0 n0 n0

With t-Statistic -1.3047 -1.9277 -1.5252 -0.9666 -1.9417 -1.3047 -1.9277
Constant | Prob. 0.8853 0.6384 0.8198 0.9461 0.6309 0.8853 0.6384
& Trend n0 n0 n0 n0 n0 n0 n0
Without | t-Statistic 0.6966 1.2577 1.0205 0.6230 0.4558 0.6966 1.2577
Constant | Prob. 0.8636 0.9472 0.9194 0.8506 0.8125 0.8656 0.9472
& Trend n0 n0 n0 n0 n0 n0 n0

At First Difference
d(LAMNF) d(LEGPTF) d(LKSAF) d(LKWTEF) d(LOILF) d(LOILF_NEG) d(LOILF_POS)

With t-Statistic ~ -14.4571 -20.3657 -15.2003 -13.7377 -15.3885 -14.4571 -20.3657

Bincinlt Prob. 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000
R XK XK £ 2 % oK R 2R K

With t-Statistic ~ -14.4992 -20.3418 -15.2264 -13.7299 -15.3906 -14.4992 -20.3418
Constant | Prob. 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000
&Trend oK XK K K KK 2K XK
Without | t-Statistic ~ -14.4477 -20.2363 -15.2576 -13.7365 -15.3874 -14.4477 -20.2363
Constant | Prob. 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000
&Trend XXX XEX KK Rk XKk XRK XK

cUaadial)
a: (*)Significant at the 10%; (**)Significant at the 5%; (***) Significant at the 1% and (no) Not
Significant
b: Lag Length based on AIC
c:Probability based on MacKinnon (1996) one-sided p-values.
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LOIL_NEG Ll jlau

¥ dead

A all CAJ.M\ 380 il
Variable paa Aga ) <y oSl oY
LOILF_POS 1.045552** 0.323 -1.392 -0.064

0.0275 0.623 0.802 0.948
LOILF_NEG 0.727113 0.300 -1.479 -0.020

0.1902 0.677 0.798 0.948
C 5.093*** 8.409*** 14.978 7.29

0 0 0.39 0.943
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Variable raa Aga gad) <y oSl Y0

ECT -4.53E-02 -7.97E-03 -1.39E-03 -1.09E-02
0.0238 0.1417 0.6533 0.156

F-statistic 2.617 0.936 4.036** 1.630

Breusch-Godfrey Serial Correlation LM Test:
F-statistic 0.275 2.224 3.608** 0.101
Prob. F 0.601 0.136 0.028 0.751

Heteroskedasticity Test: Breusch-Pagan-Godfrey
F-statistic 1.367 27.898*** 8.205*** 11.303***
Prob. F 0.229 0.000 0.000 0.000

Symmetry Test

F-statistic 6.074** 0.038 0.046 0.100
Prob. F 0.014 0.845 0.831 0.752
Result asymmetry symmetry symmetry symmetry
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