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Using Genetic Algorithm for Solving Queuing
Problem

Abstract

In this research, genetic algorithm is used to solve Queuing
problem, which is considered to be of special importance as a
result of the costs emanating from waiting and operating, is
suggested. The problem aims at locating the period of time for
waiting on the distant range and making this period of time as
less as possible .The application of this genetic algorithm to this
problem led to limiting the most ideal number of the people
served and making the total cost concerning the party who offers
the service as less as possible during the period of time specified
for waiting.

2006/ 2/ 28: aludll & )5

2007/ 12/17 : Il g s



[162]

Introduction -1
1909
Erlang

1928 Thornton 1927 Molins

() (
)
[3]- (
( )
:(Customer) (1)

:(Queue) (2)



[163] 2011 (19)daslantl oglall Gyl yall dlaoll

:(Service Channel) (3)

:( Calling Source ) 4)

:( System Capacity) (5)
:( Service discipline) (6)

(First Come- First Served) -
(Last Come- First Served) -
(Service in Random order) -

(Service on Priority) -

[5] .

[2] .



[164]

[4] : (Systems of Queuing) 2
2.1
(1)
— QOO0 —
Waiting Line Service Facility
(1)
2.2
(2)
—> —
—0O000 +—0—
Waiting Line
> —

Service Facility

2)



[165] 2011 (19)daslantl oglall Gyl yall dlaoll

23

(3)

—O000 [HI-F

Waiting Line Service Facility
(&)
24
(4)
> > > —>
—OO0O0OHHH
O N N IR

Waiting Line . .
Service Facility

(C))



[166]

(Kendall)
(/) ()
‘M
:D
(Erlang-k) ‘Ex
Gy
:G
(G/E3/C/10/10/LCES)
C Erlang-3
10 10

2] (

:(Genetic Algorithm ) 4zl 4340530 3
(GA )

1970 (John Holland)



[167] 2011 (19)daslantl oglall Gyl yall dlaoll

[7]
(John Koza) 1992
(Genetic )
[8] .( G.P) Programming

[7] .
:(General Diagram of the GA) 4l dua )l Al alal) hbiall 4

(5) -[1]



{

Regeneratign
Process

Create initial generation function

v

Find objective function

v

Find fitness value

_—

Create initial generation function

[168]

s

v

Parent Selection function

¥

Crossover function

*

Mutation function

v

Find objective function

v

Find fitness value

¥

Find Probability of Contribution

optimal solutio

]S

n

Print the near / Stopping

10)



[169] 2011 (19)daslantl oglall Gyl yall dlaoll

( Finding the Solutions for the QP by using GA )
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