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ABSTRACT:

Human activity recognition has an important role in the interaction between human and human
relationships because it provides information about a person's identity, personality, activities,
psychological state, and health, all this information is difficult to extract due to the difficulty of a person's
ability to identify the activities of another person and is considered one of the basic research topics in the
scientific fields in the field of computer vision and machine learning. the purpose of human activity
recognition (HAR) is to identify the different human activities throw monitoring and register the human
activates and the various surrounded environment, by using computers, the human activity recognition
researches which depending on visions is the basics of lots of applications even video monitoring or health
care and security monitoring and the interaction between the human and the computers.

In this research, a review of the newest development in the human activity recognition branch have been
studied, and the different ways to recognize the human actions, an important detail have been shown to
preview the HAR researches and the methodologies used to represent the human activates and its
classifications, to provide an overview of the HAR methods and comparing them.

Keywords: Human Activity Recognition( HAR) , machine learning algorithm, smart phone sensors,
wearable sensor device.
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