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Abstract
This paper deals with finding outliers in a multivariate linear
regression model after assuming a model of normal — Wishart

distribution. This method is based on the estimation of probability of an
outlier for each observation by mixed Bernoulli model with shifting
location outlier. We show how to obtain the posterior distribution in the
mixed model by Gibbs sampler algorithm. Also the determination of the
number of outliers is done by criterion of marginal likelihood
distribution. The theoretical results of this research are applied to real
data of multivariate linear regression. The results obtained are so
encouraging in determining the outliers in these data.
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