Abstract

Iris recognition is regarded as the most reliable and accurate
biometric identification system available. A biometric system provides
automatic identification of an individual based on a unique feature or
stable characteristic possessed by the individual.

This research involves intelligent iris recognition system. For
determination of the recognition performance of the iris, CASIA database
of digital grayscale eye image was used. This database was then used to
process the illumination which is the most important problem in iris
recognition. (42) images for different irises used for training, obtained
from CASIA, by extension (bmp), and (30) other snapshots for the same
irises for testing because CASIA database provided more than one
snapshot for each iris, the feature extraction implemented depended on
extract the statistical values of (variance, standard deviation, skweness,
kurtosis) and seven invariant moments for each image, the results of
simulations of Elman artificial neural network that possessed dynamic
memory which used as a tool to take decision, illustrate the effectiveness
recognition in training 100% and in testing recognition accuracy =
(93.33%). The software to perform iris recognition uses Matlab® (2010)
development environment.
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001 138.9997 | 12.1890 | -1.2824 5.2957 -1.7765 | -7.4645 -6.8925 -6.4810 -13.1627 -8.4111 -13.7537
002 162.4268 | 15.6119 | -2.5680 11.6470 -1.7561 | -7.3095 -6.8717 -6.4457 -13.0973 -8.3563 -13.6621
003 155.8283 | 17.1768 | -1.5279 5.0199 -1.8887 | -7.5847 -7.2628 -6.8228 -13.8589 -8.8712 -14.3845
004 130.4685 | 14.9270 | -0.6961 1.4024 -1.5578 | -7.0768 -6.2558 -5.8666 -11.9234 -7.5703 -12.5922
005 137.6221 | 12.5389 | -1.8682 7.8429 -1.8807 | -7.7697 -7.1726 -6.7823 -13.7573 -8.8145 -14.3885
006 148.7188 | 19.8578 | 0.1055 2.4794 -1.7245 | -7.2288 -6.7997 -6.3362 -12.8950 -8.2218 -13.3800
007 162.0841 | 17.4426 | -1.9276 6.7359 -2.0900 | -7.9414 -7.8155 -7.3662 -14.9509 -9.6231 -15.4449
008 152.3981 | 21.0227 | -0.9079 1.6934 -2.0161 | -7.9515 -7.5527 -7.1563 -14.5072 -9.3246 -15.1185
009 150.0895 | 10.6359 | -2.4347 13.7448 -1.8470 | -7.6337 -7.0904 -6.6825 -13.5639 -8.6833 -14.1725
010 153.9499 | 23.6591 | -0.3860 0.2945 -1.9056 | -7.5862 -7.2587 -6.8204 -13.8550 -8.8930 -14.3679
011 131.4657 | 13.6977 | -1.2301 3.7171 -1.5740 | -7.0263 -6.3013 -5.8987 -11.9926 -7.6239 -12.6140
012 134.4670 | 15.7357 | -0.0958 1.9020 -1.5496 | -6.8390 -6.3328 -5.8728 -11.9676 -7.5858 -12.4553
013 150.9188 | 16.9173 | -0.7109 4.6357 -1.5681 | -6.9108 -6.3639 -5.9135 -12.0431 -7.6378 -12.5690
014 143.4222 | 18.5072 | -0.6894 1.5591 -1.6430 | -7.4612 -6.4661 -6.1219 -12.4139 -7.8976 -13.2042
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035 132.2289 | 17.1162 | 0.5525 3.7607 -1.8116 | -7.4576 -7.0112 -6.5559 -13.3315 -8.5293 -13.8282
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007 146.8587 23.9454 -0.2871 0.7840 | -1.7775 | -7.1744 | -6.9777 | -6.4681 | -13.1776 | -8.4155 | -13.5677

008 163.0361 18.7992 -1.6375 4.5869 | -2.0854 | -7.9579 | -7.7688 | -7.3271 | -14.8676 | -9.5764 | -15.3876

009 155.7183 13.3705 -2.5504 11.4552 | -1.9997 | -7.7867 | -7.5304 | -7.0889 | -14.3924 | -9.2545 | -14.9058

010 153.9499 23.6591 -0.3860 0.2945 | -1.9056 | -7.5862 | -7.2587 | -6.8204 | -13.8552 | -8.8930 | -14.3679

011 139.6683 15.8433 0.0268 1.0906 | -1.5834 | -6.8852 | -6.4562 | -5.9925 | -12.2083 | -7.7383 | -12.6847

012 131.3955 13.8043 -0.9932 3.0785 | -1.5827 | -7.0910 | -6.3530 | -5.9609 | -12.1148 | -7.6936 | -12.7573

013 152.9191 21.0182 -0.4936 2.1104 | -1.6097 | -6.9870 | -6.4728 | -6.0218 | -12.2603 | -7.7892 | -12.7787

014 143.4222 18.5072 -0.6894 15591 | -1.6430 | -7.4612 | -6.4661 | -6.1219 | -12.4139 | -7.8976 | -13.2042

015 143.2034 20.7903 -0.1860 1.0277 | -1.6874 | -7.3189 | -6.6838 | -6.2718 | -12.7454 | -8.1116 | -13.3371

()




016 150.7069 13.9875 -2.4251 9.4231 | -1.9950 | -7.8418 | -7.5203 | -7.0958 | -14.3993 | -9.2511 | -14.9452
017 150.7069 13.9875 -2.4251 9.4231 | -1.9950 | -7.8418 | -7.5203 | -7.0958 | -14.9452 | -9.2511 | -14.3993
018 152.5793 14.3074 -1.4060 5.3949 | -.17444 | -7.2109 | -6.8746 | -6.4178 | -13.0556 | -8.3258 | -13.5513
019 154.4526 14.1867 -1.8696 9.2905 | -1.8969 | -7.6271 | -7.2541 | -6.8314 | -13.8688 | -8.8855 | -14.4211
020 142.5426 18.0065 -1.1674 1.6280 | -1.8950 | -7.6780 | -7.1581 | -6.7471 | -13.6945 | -8.7987 | -14.2846
021 164.0193 15.1378 -2.5756 12.3714 | -1.9168 | -7.7471 | -7.3254 | -6.9182 | -14.0361 | -8.9888 | -14.6322
022 143.0528 13.4138 -1.3461 59580 | -1.7314 | -7.5596 | -6.7299 | -6.3739 | -12.9252 | -8.2468 | -13.6489
023 148.5411 15.0496 -1.5951 59646 | -1.8353 | -7.7149 | -7.0545 | -6.6897 | -13.5610 | -8.6700 | -14.2581
024 170.6713 15.9932 -1.8554 7.9519 | -1.8573 | -7.6216 | -7.1787 | -6.7692 | -13.7379 | -8.7768 | -14.3353
025 151.4468 14.7571 -1.7180 6.8999 | -1.5790 | -6.9049 | -6.3994 | -5.9533 | -12.1209 | -7.6908 | -12.6557
026 151.6863 13.7389 -1.5879 6.1023 | -1.6506 | -7.0594 | -6.6073 | -6.1624 | -12.5397 | -7.9725 | -13.0576
027 162.5575 16.4177 -1.5521 6.1192 | -1.9322 | -7.7702 | -7.3509 | -6.9477 | -14.0930 | -9.0344 | -14.7003
028 154.7003 12.5423 -1.8603 9.6262 | -1.9928 | -7.9565 | -7.4892 | -7.0896 | -14.3748 | -9.2340 | -14.9950
029 150.4822 13.5628 -2.3227 10.0412 | -1.7953 | -7.5704 | -6.9363 | -6.5510 | -13.2915 | -8.4949 | -13.9512
030 143.9762 20.9572 -0.4883 0.9900 | -1.6192 | -7.3490 | -6.4683 | -6.1023 | -12.3857 | -7.8614 | -13.0872




